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New Course Proposal 
 

Prepare course proposals in accordance with the guidelines below and the format shown on the 
following pages. 
 
COURSE PROPOSAL NUMBER: 25-25-10 (a) 
 
REVISION (label Revision #1, #2, etc.): 0 
 
SECTION 1: PROPOSAL INFORMATION 
 

Name: Robert J Niichel 
Title: Associate Professor of Mathematics 
E-mail Address: rniichel@fairmontstate.edu 
Phone Number: x4701 

 

College: College of Science and Technology 

Department: Computer Science and Mathematics 
Program Level: Undergraduate 
Date Originally Submitted: Click or tap to enter a date. 
Implementation Date Requested: August 2026 

 
APPROVAL 
 
The Deans of the affected colleges must sign below to indicate their notification and 
departmental support of this new course proposal. Should this new course affect any other 
department or program in another college, a memo must be sent to the Dean of each college 
impacted and a copy of the letters(s) or email(s) of support must be included with this proposal. 
 
By signing below, you are indicating your college and department(s)’s approval of this proposal.  
 

College Dean’s Signature 
Science and Technology  
College of Liberal Arts  
  
  

 
ADDITIONAL COMMENTS: 
 
Provost office has signed PDF copies of proposal 
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SECTION 2: COURSE CATALOG INFORMATION 
 

1. Course Subject Prefix and number (e.g., ENGL 1101): Course number/prefix 
combinations may be used only once, and may not be recycled; please check 
with the Registrar’s Office to get a list of available, valid course numbers. 

MATH 2650 

2. Course Title: The title of the course as it will appear in the course catalog. Supervised Machine 
Learning 

3. Number of Credit Hours: Indicate the total number of credit hours for the 
course. If you are proposing a course with variable credit options, explain that 
here. 

3 

4. Repeatability (number of repeat credit hours): Students can repeat the course 
for credit. 

NO 

5. Course Prerequisites: Include subject prefix and course number. List only 
immediate prerequisites (not prerequisites for other prerequisite courses). 

MATH 1550 AND (COMP 
1110 OR COMP 1125) 

6. Course Co-requisites: Include subject prefix and course number. None 

7. Course Cross-listings (e.g., PSYC 2230 and SOCY 2230) N/A 

8. Course Restrictions (e.g., Seniors only) None 

9. Grade Type: Indicate whether students will be assigned a standard A-F final 
grade, a Pass/Fail (P/F) grade, or No Grade (NG). A-F Final Grade 

10. Requirements: Will the course be a required or elective course? What course 
requirements will this course satisfy? Indicate specific major, minor, or 
College/Department requirement(s). 

Required by Data 
Science Minor, 
Behavioral Psychology 
Concentration 

11. Course Terms: In what semester(s) will the course be offered? (e.g., Fall only, 
Summer) Spring Semester Only 

12. Writing Intensive: Does this course fulfill the Writing Intensive major 
requirement?        NO 

13. Core Curriculum: Will the course be reviewed and considered as a University 
Core Curriculum course offering? If yes, you will need to submit a separate Core 
Curriculum application to the General Studies Committee.  

      NO 
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SECTION 3: CURRICULUM-BASED RATIONALE 

 
What is the reason for developing the proposed course? Explain how the course fits into the 
curriculum. For example, is it a required or elective course for any specific program (if so, which one)? 
Which students will be taking this course? If there are already similar courses offered, explain why the 
needs of the program cannot be satisfied by an existing course. The curriculum-based rationale should 
be brief and to the point.  
The current Data Science Minor courses MATH/COMP 2541 and 2542 have not generated much 
interest.  In addition, these two courses were also intended to bridge a gap between MATH 1550 and 
COMP 1110 on the one hand, and COMP 4450–Data Mining on the other.  We no longer believe this is 
necessary.  For these reasons, we developed an industry advisory board to evaluate what was needed in 
a data science course of study.  Broadly speaking, the topics suggested broke down into two main 
categories: Supervised Learning and Unsupervised Learning.   We are not aware of any other courses 
that cover the topics herein.  This course will be required for the Mathematics--Data Science 
Concentration and an elective for the math major.   
 

 
 

SECTION 4: COURSE SYLLABUS  

Attach the course syllabus or at minimum the following course components:  
 

Catalog Course Description: Include a course catalog description written in complete sentences 
that will be published in the university catalog. The word length for a catalog description should 
be less than 80 words. Do not include any prerequisites, corequisites or any other restrictions in 
the description. 

Course Learning Outcomes: These should be stated in terms of what new knowledge and/or 
skills students should be able to demonstrate upon successful completion of the course. 
Present course learning outcomes as a bulleted list predicated with “Upon successful 
completion of this course, students should be able to…” 

Assessment: Describe generally how students’ achievement of the course learning outcomes 
will be assessed.  
 
Course Outline: Attach a course content outline consisting of at least two levels.  
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Catalogue Description: 
 
This course introduces students to core techniques in supervised machine learning, where models 
are trained on data to make predictions or classifications. Topics include data visualization, 
regression analysis, decision trees, time series forecasting, and other classification methods. 
Students will evaluate models using techniques like cross-validation, mean-squared error, and 
others. Emphasis is placed on hands-on implementation using Python, with a focus on real-world 
datasets and interpretability rather than mathematical derivations. No prior machine learning 
experience is required. 
 
Course Learning Outcomes: 

1. Students will identify the role supervised machine learning plays in answering real-world 
questions. 

○ Metric: Quiz or test questions 
○ Mastery: Average score of 3.5 out of 4 on the Arizona Math Rubric 

2. Students will build predictive models using real-world, labeled data. 
○ Metric: Project 
○ Mastery: Average of 16/20 on Kentucky Task Rubric 

3. Students will evaluate the performance of supervised learning models 
○ Metric: Project 

4. Students will effectively present complex ideas to peers and faculty. 
○ Metric: Oral presentation for final project 

 
Assessment: 
 
Aside from the final project, students will be assigned homework questions that build familiarity with 
the software and concepts.  Because of the prevalence of AI tools, we will also incorporate in-class 
quizzes and tests to gauge individual knowledge of concepts. 
 
Course Outline: 
 

1. Introduction to Supervised Machine Learning 
a. What is supervised learning? 
b. Differences between supervised and unsupervised learning 
c. Value vs. Classification 
d. Basic programming tools 

2. Data Preprocessing and Cleaning 
3. Cross Validation and Evaluation Metrics 

a. Train/test split, cross-validation 
b. Overfitting vs. underfitting 
c. Metrics:  

i. Regression: MSE, RMSE, R^2 
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ii. Classification: Accuracy, precision, recall, etc. 
4. Regression 

a. Linear Regression 
i. Line of best fit 

ii. Visual diagnostics 
b. Multiple regression 
c. Polynomial/non-linear regression 

i. Basics of curve fitting 
d. Logistic Regression 

i. Probability and decision boundaries 
5. Tree-based models 

a. Basic concepts of trees 
b. Decision trees 

i. Splitting criteria, overfitting, pruning 
c. Random Forests 

i. Bagging 
ii. Feature importance 

6. Other Classification Methods 
a. Bayes’ Theorem and empirical probability 
b. Naive Bayes 

i. Probabilistic reasoning 
c. k-Nearest Neighbors 
d. Support Vector Machines 

7. Time Series Forecasting 
a. Time as a feature 
b. Rolling means, lag features 

 
Final Project: Students will choose a dataset, perform basic visual data analysis, and build and 
evaluate at least two models for the data, and present findings to class. 

 
 


